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ABSTRACT

This paper deals with a problem that concentrates on the noise removal that the
images are affected from different resources employing Genetic Algorithm with filters.
To achieve the aims of the paper, six types of genetic filters are suggested for noise
removal from the images. These suggested genetic filters depending on filters (mean,
median, min and max) as an objective function for them.

These suggested genetic filters are applied on several real images contaminated
by two types of noise with different levels for comparison and to show the effectiveness
of them. The result show that The fifth genetic filter that depends on the median filter as
an objective function and heuristic crossover and adding and subtracting mutation,
gives the best results with RMSE=15.7243 and PSNR=24.1646 for Lena.bmp image
and with RMSE=8.6197 and PSNR=29.4210 for girl.png image when add 0.05 salt &
paper noise.
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